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Y. Bengio, et al. Estimating or Propagating Gradients Through Stochastic Neurons for Conditional
Computation. CoRR, 2013.

C. Corro & I. Titov. Learning Latent Trees with Stochastic Perturbations and Differentiable Dynamic
Programming. ACL, 2019.

2. REINFORCE

D. Yogatama, et al. Learning to compose words into sentences with reinforcement learning. ICLR, 2017.
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Y. Kim, et al. Structured Attention Networks, ICLR, 2017.

Y. Liu and M. Lapata. Learning Structured Text Representations. TACL, 2018.
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