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Abstract Metadata creation for image and picture data is a significant porcess for creating image and picture
databases. This paper presents an automatic metadata creation method for image and picture data. The basic idea
of this method is to extract metadata automatically by the image retrieval process with similarity calculation in
domain-specific conditions and the judging and recognizing process for the object appering in the image. Generally,
it is difficult to judge and recognize the object appearing in the image. In this method, we fix a set of objects
in a specific-domain in advance, arrange representations of those objects in a regular way, and perform the image
retrieval process with appropriate calculation for the objects. In this paper, we show several experimental results in
applying this method to a set of flower images to clarify the feasibility of our method. This method can be applied
to other domains with domain-specific similarity calculation for images and pictures.
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