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Abstract When we use a person’s name as a query for a Web search engine, information on different persons
with the same name would be included in the search results. This is an instance of object identification problems,
which have been solved by clustering algorithms. Clustering algorithms are composed of several techniques such as
feature vector representations of data items, similarity measures, and clustering criteria. In this paper, we compare
and analyze different combinations of these techniques for identification of persons in Web search results. We also

propose and evaluate new techniques using Web structure information and profile data extraction to improve the

accuracy of object identification.
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