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Table 1: Proportion of Contents Distributors for
Bile Cancer between US and Japan at Top 100 Hits.

Contents Distributor] US | Japan
Hospitals and Universities| 4 16
Organized Institutions] 50 27
Patients and Families| 0 2
Individuals (Including M.D.)] 6 17
Cancer Information Distributor] 12 4
Medical Portal site| 4 6
Publisher| 19 17
Others 1 5
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Table.2 ClI(cancer Information Index)

Definition of Category of Cancer Information
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Table.3 Result of the Naive Bayesian classifier

accuracy. The number means learned frequencies

0 1 2 3 4 | 5 |
uc 27.3%| 81.8%| 22.3%| 86.4%| 86.4%)| 86.4%|
sc 60.9%| 56.5%| 82.6%] 82.6%| 82.6%| 87.0%
leukemia | 29.6%| 51.0%] 25.9%| 88.9%| 88.9%| 92.6%

Ic 54.2%| 62.5%| 62.5%| 66.7%| 87.5%| 87.5%|
colon 63.6%| 72.7% 54.5%| 86.4%| 63.6%] 72.7%
average | 47.1%| 65.1%| 49.6%| 82.2%| 81.8%| 85.2%




EMERZRLEZLDOTHD. Figd BN+ & 5 ICHMT
— ZEWMULEND &V THFSEOEMERNN E
T 2D TiE/R . Table.3 DITIXT A OB %, 7
IEHENADKEEL 2R L Figd OEMRBROKMEZRL
LbOThHD., ZOMENTTLIIC, 2HEHYIK
LITH9 LI EoTRWVEREEZBBOND LIRS,
%o, 2HICEERA Loz TIRENB A OT A
=&AL, RALEIIC30% 4 B THEHDE
BrAa L2 A, B33%DIEMREEDL Z LN TET-.

4. Web IZBIT 2 BAEROEFFROEE

A O WF 48 T Naive Bayesian classifier & ¥4 % =
LT, Web EORAKEROE T 7 IV IZHBWTHELT
LZHEOHERE®RZEGL. ZOoBRESNLEKERE
YD

4.1. SEREMDOELE
AFCTEELESEB/IIHTLHMHLAEL I ICH
EOMEBRICLE - THEEHKT D, 22T,
Categoryl,Category2,Category3,Category4( LL T & 1L &
L C-1,C-2,C-3,C-4 EMFER)YD ML —=vFF—FZDH
FEME WA i LR A Figd ISR d. Bidhicix
ZDOHT A VITHBE L7 HEEEZ FHE O/ S WIEZIE~
fEdh 21X B 3B o distance & 7 v v b L7, Bl 2 1F
land234 Th o7 b, £9 C-2,C-3,C4D L —=27
T ETIC, HBEHEBEHEEZ ZNLENOHEEIZR L
TRLTWEMESEZMERL, Hll C-2,C-3,C4 %
—ODELEL LIEDT Y (C234 EIESEEMRT D.
B, REWITERLIZMESRDOZNZE N OHRGEDHE
X3 THDLY, FHERM-TLbDTHD.
ZL 7T, C234 OHEHERREZMHAZL, C-1OZR
FROHEGBEHENDS C-234 TOHEHEDEZ R - -
H DM 1and234 TH 5. AL L 52 C2 & C-134, C-3
L C-124F L TCC4LC-123DHHERFTHRDOEET - T-.
* D7 % ftdh o distance & L 72

BARMIZIE, C-11Cix THFgE) & 5 HEER 9977 [
HET 2. 2Tk LT,C-234 TiX 1506 B HH T 5.
COFEEEDH E 8471 EIE /2D, C-234 12K L TC-1T
WETRFZE ] v D BEMN 8471 ML HBILTRY, =
X C-1ITRHHEMICBN D HEBETE DD,

WIZ, C-1 T M) EWOHEIET 4REHEL WY
0K LT, C-234 TiX 87945 HIHHL TWnD. 2=
EHDHE-87905 M Emn. oFh, EFH|] Lo H
FEIXC-LICITIEEAEHBILRVWHGETH Y, T
NHEBELEZD C-1 D Web X — VTl al Rtk 23 &
TEERBLTNSD.

20000 +1and?34
‘E. 15000 ® 2andlad
=
& {0000 dand124
2 *
- [ |
& soo0 dand123
au —
2 o
z a, 000 10000 15000 20000 25000
W —5000
3
=1 0000
-1 5000

Mumber of words
Fig.4 word specificity

I THHT B NE AL, distance 230 O HFEN L <
FELTWDZ & THD. distance 280 &5 Z & (T,
DFEV ZOHFEIT Web X—VE2NHTHIRICEEL
TWRWIZ LEERT L. KoT, AT IHRICF
B ELESELTVHHBEBOHERERDZ <
I distance /NI TWNDB I ERDLND. £ L
T, »DHRA > b EBICAMIC distance D ZE NPV T
WHZERDND. ZOBREINRAERESET DO
WCRWICENL DD TEBRWNEBEZTHD. RERDL,
AFR T5E%E L 72 Naive Bayesian classifier (X35 = 2 b
NEVWDOER, EThRRL LI ICARBICENHELI AL
VOB ESEOBHRE L CHEATNIE, BB
ARESBBETELDOTIEARVDE WS KA TT
BY, SHOWEICELTIZNVWEZIXZTNDLINLTH
5.

42. ZFATIVOEENRE

I TIHEIFETR LT Figd OSEBROF#E
LS EELC#wTH. Tabled |X Fig.d THWIZTT —
& @ distance @ A7 10 HFE & TAL 10 HEEAZ R~ L7= b
DTH5H. 1and234 DRDOELEZIR 5. C-1 1L 2T
R 7= X 91T Peer Review S #L72 Web X—T Th 5.
X oT, FEMICHEHN D BiEDL T Thol & HE
BENs., 2oficBxr>AIx T—&, Bk, NE,
W Ewvode, Web A FOREER ONE % T
DHEBNEZLSFELTWDZ Enb0rbd. B 5L Z
i, ESENAt % —0 k5 R T AR
EHBEICEHF LB, o, BHEHLTEZEREZETL
£ ¢ETHRHANL, MOB T IV DOXLELY G FFK
MIZBENTZDOTiZ7enmntEEZL TS,
Wiz~ A F AD distance # B L THh D L&, [#HF]
EWVIOHFEIXC-1 TRHIFEAEFEAL T2V, FA
R, RENRETHHERE FINMEHRENRET H1E
MORERENVZIZZWEHD. LT, ZoOFEHOE
WOFX ¥y T ZER, BDAUBERRRELZRNZIE DK



Table.4 characteristic words of each category
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