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Algorithm 1 SPIDER-Commi( CommPhasge
1: initialize v, 7* < null,val < 0
2: while CommPhase 0do
3: B «makeStartingtommPhase
forall be Bdo
*[b, CommPhadeval —
FINDPOLICY (b, root, null, —co, CommPhasg)
6: V[b, CommPhage« val
7.  CommPhase -
8: return =*

AN

Algorithm 2 FINDPOLICY(b,i,x1, threshold Comm¥)
1: A « null
2: Tl « GET-ALL-POLICIESK, A, Q)
3: if IS-LEAF(i) then

4: forall mj €I do

5; V[xi, 7] « GETVALUE(b, i, -, V)
6: if V{7, 7] > thresholdthen

7: ot e g

8: threshold«— v[z;, 7]

9: else

10:  children« CHILDREN()

11 I

— UPPER-BOUND-SORTY, i, ITj, 7'~, Comm?)
12:  forall =j € II; do

13: At

14: if U7, 7'"] < thresholdthen

15: Gotoline 12

16: for all j € childrendo

17: jThres« threshold- v[z;, 7]
— Ykechildrenkej Yil[7mi, '] _

18: a** « FINDPOLICY(b, j, 7ij||7'~, jThres CommV)

19: ﬁ.i+ — 7~ri+”ﬂ.j+,*

20: Vj [, 7'"] e V[ni**, milln'"]

21: if v[7'*,7'"] > thresholdthen

22: threshold«— v[7'*, 7]

23: ﬂ,i+,* - ;ri+

24: return 7'+, threshold
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