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When to Stop the Mining Process for an Application Environment
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Input : ¥ — X N—2R By, F—#\—2Z B,
Output : ZE L7=T — X X—2A By, $HT A T L Fly, %
E L7=#EH /X% — > FPy. <By, Fly, FPg>
1. Initialize
(1) By (resp. Bi) < the initial (resp. next) batch;
(2) FI (resp. FI}) < the set of all the frequent items in By (resp. B1);
2. While (Flo#FI1) {
(1) By < Bo+By
(2) Flo < the set of all the frequent items in By;
(3) Bi < the next batch;
(4) FI; < the set of all the frequent items in By}
3. FPy (resp. FP;) — the set of all the frequent patterns in By (resp. B1);
4. While (FPo#FP; ) {
(1) By < Bo+By;
(2) Calculate the new FPq as follows:
@ Identify the following three kinds of item sets:
A) Sunchangea — The frequent patterns that remain to be supported;
B)Snewrp < The newly-supported frequent patterns;
C)Swp < The frequent patterns that supported in the previous Bo
but not in By ;
@ Merge Sunchanged With the corresponding ones in the previous FPo, and

put the results to the new FPy;

@ If P € Snewrp, then calculating its support in the previous FPy to

know whether to put it to the new FPy;

@ If P € Swp, then according to its support in the previous FPy to

know whether to put it to the new FPy;
(3) Bi < the next batch;
(4) FP; < the set of all the frequent patterns in By}
5. Take < By, Flo, FP > as the stable database;
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By D #EH /X2 — 1 (FPy : {acf}, {ahkm}, {afgm}
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B, ®AEH /X% — 2 (FPY) : {acf}, {ahkm}, {fkmp}
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ok,

Sunchanged s {acf}, {ahkm}

SNeWFP :{f,k,m,p}, {Crkvm||}

Sip : {af,gm}, {fkml}, {km,lp}
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TestDatal.dat

5101 102 103
538102 103
538101 104
538132101102 107
538132101102 107
56417107

56417107 103

56417 107 108

6132101 107 104 107 17456 (12)

61321104 102 103 101 101 102 132 (12)

631781104 103 107 101 107 13 2 (12)

63171101 101 104 (12)
102358 (12)

TestData2.dat 101358 (12)

107 3 8 (12)

5101 102 103 102 103 (12)

5338102 103 103 6 (12)

538101 104 103 5 (12)

538132101 102 107 101 102 5 (12)

538132101 102 107

56417107 B3 ETHR

56417107 103

56417107 108

5132101 107 104
61321104 102 103 101
631781104 103 107
63171101

1 TestDatal.dat&TestData2.dat

TestData
1.dat

TestData
2.dat

TestData3.dat TestData4.dat
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