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Difficulty Adjustment in Games

via Action Selection Based on Thresholded State Values
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Algorithm 1 /Nl RITERER 7 LY X L4

Require: KR s, Q B Q(s,a), HIZHIN 7
1. A (s) « {ae A|Q(s,a) > 7}

. if A;(s) = () then
a* < argmaxgea Q(s, a)

else
a* < argmingea, (s) Q(s,a)

. end if

: return a*
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