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Studying Object Detection Performance for Driver’s Field of View by Transformer-based Models
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Method Backbone | mAP mAPg mAP,, mAP; | mPC rPC
Faster R-CNN | ResNet-50 | 49.6  13.8 45.5 63.7 29.0 58.5
YOLOX-S CSPNet 426 83 26.9 57.7 264 62.0
YOLOX-L CSPNet 521  20.5 41.9 67.3 319 61.2
Co-DINO ResNet-50 | 57.3  20.9 53.2 72.3 38.3 66.8
Co-DINO Swin-L 60.7 26.9 52.7 78.5 46.8 77.1
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