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Improvement Method for PiCIE Based on IB Focal Loss
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hA NY > Z725% (Invariance to photometric transformations)
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# 1 : PICIE DR (AL 2R Thing Wik Stuf f:35 5
Accuracy mloU Accuracy mloU Accuracy mloU
All All Thing Thing Stuff Stuff
PiCIE 49.99 14.36 69.39 23.83 74.56 17.32
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3.1 Focal BXRIZEDLFiE (REFE1)

Focal 825 [3] I Lin HIC X > THEEINT-BEREHTH
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CrossEntropyLoss = —log (S(x]))

-
>

€y

FocalLoss = — (1 — S(xj))z log (S(xj)) (2)
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