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2. CAE (Convolutional Autoencoder)
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3. One-Class SVM (Support Vector Machine)
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CAE(convolutional auto encoder)
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Normal data Normal dection rate(%) Abnoemality detection rate(%)
0 89 97
1 95 98
2 72 82
3 61 82
4 74 82
5 81 81
6 88 88
7 93 86
8 83 76
9 81 73
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Abormality data Normal dection rate(%) Abnormality detection rate(%)
0 71 78
1 2 9
2 63 85
3 60 87
4 43 52
5 84 59
6 63 73
7 27 14
8 70 i
9 40 58
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Abormality data Normal dection rate(%) Abnormality detection rate(%)
0 66 93
1 79 0
2 66 76
3 70 59
4 73 51
5 69 63
6 69 69
T 74 32
8 69 77
9 71 28

# 4:EH T — 4 9 HiJH(One-Class SVM)

Anormal date

Normal dection rate (%) Abnormality detection rate(%)

0 60 86
1 30.6 100
2 89 93
3 38 99
4 53 99
5 78 81
6 55.6 100
7 81 75
8 68.5 73
9 33 99
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