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Dynamic Modulation of Masking Rate in Pre-training of Masked Autoencoders Improves
Classification Accuracy
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parameter encoder decoder
image size 96 96
patch size 6 6

patch embedding
. . 192 192
dimensions
depth 12 8
attention heads 12 16
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parameter pre-train fine-tuning
train data 100000 5000
validation data - 8000
batch size 50 50
epoch 100 100
base learning rate le-3 le-3
optimizer AdamW AdamW
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epoch
<~ A7 F (%)
0~19 20~39  40~59 60~79  80~99
70 20 40 50 60 70
75 25 45 55 65 75
80 20 40 60 70 80
85 25 45 65 75 85
90 20 40 60 80 90
95 25 45 65 85 95
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70 0.02804 0.02793 -0.00011

75 0.03286 0.03240 -0.00046

80 0.03980 0.03938 -0.00043

85 0.05001 0.04908 -0.00093

90 0.06670 0.06538 -0.00133

95 0.10222 0.09927 -0.00294
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