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Imbalanced Data Classification Neural Networks
Based on Confusion Matrix
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£ 2. EBRORBIMEE (%], HE L EHIZ BCE-MLPC 1233 3 CM-MLPC ORI EE, KFIRREERORAEERT.
Dataset Classifier PPV Sens NPV Spec Acc HM (All) | HM (Pos)
Breast CM-MLPC (All) 93.23 97.08 98.45 96.29 96.57 96.29 95.12
—0.14) | —0.84) | —045] | 0.00 —0.28) || —0.34 —0.47 |
Imbalance Ratio CM-MLPC (Pos) 94.12 97.40 98.62 96.67 96.92 96.72 95.73
1.90 (Low) +0.751 | —0.52 ] | —0.28 ) | 40.381 | 40.071 || +0.09 1 +0.14 1
BCE-MLPC 93.37 97.92 98.90 96.29 96.85 96.63 95.59
Dataset Classifier PPV Sens NPV Spec Acc HM (All) | HM (Pos)
Yeast-1_vs_7 CM-MLPC (All) 48.57 33.33 95.45 97.44 93.25 60.94 39.53
+17.981 | +6.671 | +0.58 1 | +2.571 | +2.8471 || +12.071 | +11.04%
Imbalance Ratio CM-MLPC (Pos) 56.67 33.33 95.46 97.67 93.47 63.24 41.98
14.30 (Relatively High) +26.071 | +6.671 | +0.591 | +2.801 | +3.0571 || +14.381 | +13.48%
BCE-MLPC 30.60 26.67 94.87 94.87 90.41 48.86 28.50
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