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Validation of using music features calculated by Spotify for training neural networks
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Spotify Audio features MP3 PaSST Dence
i $ genre rank MAE rank MAE
inputlayer (n=10) | | PasST | all data 44 0.107 29 0.119
i i grindcore 1 0.034 5 0.085
Dence layer (n = 527) | Logits (n = 527) ‘ honky-tonk 2 0.040 1 0.031
GELU 1 ambient 23 0.071 23 0.113
Dropout (0.2) | Input layer(n = 527) ‘ club 24 0.072 28 0.118
T T .edm 46 0.112 43 0.153
hip-hop 47 0.116 46 0.167
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