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AR R AW TE 2 K5 B KR T — &
v N OMBEZHO TRALMILTED, 7/ 7—
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FHIZ TR T VRS R TH 5.

IRAC TEATIHICT =22 ELIza—12R
IBM-30K [23] 2> S U 725@EE 7 F R MOV T,
259 RY = v 7% HWTHROHER GRS T
T—hXNTWA. IBM-30KIZ71 D FEy 7 %ZH
D> TVWB D IRAC IZZF D 5 5, FEHIFIEEE P
FYIRBELEEFEOEBENZ Yy 7 6 DRFIHL, &
HEENCERT 952 DFEfALE T F R MIZDWT 2,636 DIE
HOMFRED 7 /) 7 —> a Y EBTWS.
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BREWXZE>TUTObATWa D, H—DF—&Xt v b
WZOWT & D FD OO K X RPHE LT VEN
IRt T 2 A TAERIIRZS. £RLE8ER
HEke moHEERRE N 2 BT 2 KK SEE TV EH
WHEBREITORTHRRD.

3.2
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F—arho IR AIHEBLE1I DO —L R
HemafEx V7 7L REH » LT s ol
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MEETZEHML7272HY 7 7L 2 DD
HEC A L.
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4.1

-
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4.2

1) https://platform.openai.com/docs/models/gpt-3-5
2) https://github.com/naoki-negishi/implicit_reasoning
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422 MWFFEBEIER

M BV TIEE b E Yy 27 30 DFfEE T F X
MZDOWT, EFRFEFE Y 7 7 L 2AFHFE 1 OF
DOHE LA R e L.

DI77L2REDEE IRACIET 4 RN—Fa—
RZATHY, FRCHRETIRRENLHE D HE L
ENB7DETLOEREFIE Y 7 7L ¥ REHIC
DVWTHEEDOB DAL L EITS. Lhbo
EH5LL, ZLOHHEEZ 20 WVWSBATE
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7% 2: FilliE R D [FIEE ( Krippendorff @ o %)

HER | SR 24

GPT-3 | 101 104 259

FERIBELL N 64 157 284

$ GPT-3 | 78 197 .0586

BB N 70 179 .108
4.3 EEREER
4.3.1 3T

F 1R T & 512 GPT-3 OAREFNIARIC X 2
)77 Ly AHEF e g LT EEomT ERBD,
ZHMEDOHTRRBEVER e oz, F2V 77 L
VAL DFELEICBWTEMEEL Yy 7T
1L0Z@BZATED, ZIERENHD IRACIZT /
T— M ENFEE 29 HOBBROHEGRBEED S B 1
DX FHEHINCERABETHEM L TV 3 L iHii X 7z
ZEERT.

L7=05 CTEWIEEL: F ¥y 7 TIRERNENIC
IRAC i WHERRZ R L T\ 25, RRBRDZ
YO D 2 WVITERRE R TARICE > TWVWD Z
EHRBENG. L LIAEAIHIEREILL ¥y 7Tl
WolEm2 R S, Z4YMEOFEK e A KREES KR
BREEHPERNAE L L TIXIRAC & Bz 2 #tim %2 H
NF3EAPERLNS.

F 7z, WEEROHEGMII EHITHKIFE S % W5 Hulpus
5 [2] ofsfo@E Y, FHi#E T O FHE O R
ERREFE Y 7 7 L Y RHEFITE HIEWEZRL
72 (R2). Ko TIHHEMRICLZFMTELDEDE
WSR2/ 2720121, BIRIRAERIC X D FER
HERE T e LIAA LGB OPR, e W
2l R OHERREE, FBUKTE L R WEHiTi O HH A %
FAEST2RERD 5.

EMEDR  ZY MDY 3 SDUR & 5 X 7238
FIBELL 45 S, EMREBELL 19 HEICOWTHEE
fTo 74658, BERORREAERD S e\ DiAN %
BTRVWEGHINLEHPRDZ L, Zheh 25
HE L 10 BHNC KA. 2D EFMIC X B4R
HENF 32 BB F—v—Fo—EHICET 3
HIR 2T L T RWZ 2R X3,

4.3.2 HEXEFE

4.3 DN EFIC BN TEREFIZY 77 1L >
AHEHNCZ Y TEIITH > T, RIITRT
MFHEORER 2 S, Wby ZI2BWTHE D
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BB L FHl X N BUKERFHIDIES HZ L, WD
WA DH 2 Zehbhd. DI LhbERERNIC
X, EREAE Y 7 7L Y RAEHNZXFITERIFY
DEDINZ L DR TE 5.

L2 LT 4 RN— bl 0 E D@ WGBSR
INBRRAT T, AL L THEBEGZROZLED
MW ENEENS.

K3 Z MY 7 TRENTH 5 Laflixn-ElE

A F% GPT-3
FEHIEEIE | 36% 22% 42 %
FYIEEL: | 38 % 22% 40 %

5 E&HDHIC

R TIXREBRROHERERFE X X 7 1281 5 GPT-3
DODMWEEHEZITS 728, IRACT— X+t v b %F|
I UGRAE 7 F R M5 2 BE BR D H#EGm iR FE % 42 Al
L, ZR5IZOWTI I RV =YV T R2HVWTH
LERY 7 7 LYy R DR ¥ OIEHE Tl *
1To7-.

Z DOFER, AN FIEREE O KRB o FEHEE S
PRSI e TER—HT, EMEIMICEDHA
REBREZ2ICRITVE DI TERVI L BHS
PUTIR o7z, Lo UMHNRHIIIC & o T, 2l d
ANEREEEL BEDOMIETHhIIEIHNZ W T
CHWERTE, ZOERBEIVEHIELRT -2ty
FEERENS.

AMFETIE LT —RIEITRTRHEL,
WEOHITI D Z e ZFES.
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A {15 BIFG
Al BEzr7OY7 ofl

Z 2T O #A E 1-shot THIRT %43, FlEER
W THIERERE X2 7-0121E 3-shot BRER Z &
DO IR 0T, EEZZIRTI X
Y ¥ 7 %470 3-shot THZ TV 3.

The following "Argument" is composed of pairs of
claims and premises. Please generate "Implicit
Reasoning" in the form of a causal relationship,
such as "Claim causes (or suppresses) Implicit
Reason, and Implicit Reason causes (or suppresses)
Premise."

Please ensure that while adhering to this format,
the generated implicit reasoning presents a causal
relationship that is natural and coherent within
the context of the sentence.'

Argument:
We should introduce compulsory voting, a lack of
voting leads to a situation were their isn't fair
representation in parliament.
Implicit Reasonings:
Introducing compulsory voting causes High voter

participation. And High voter participation causes
Fair representation.

Argument: We should abolish zoos, they are cruel
to animals and wildlife
Implicit Reasoning:
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Abolishing capital punishment suppresses the government
doing the inhumane act of taking someone's life. And
the government doing the inhumane act of taking someone's
life causes No justification for taking a person's life.
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Argument:

We should abolish capital punishment, the death
penalty is outdated and immoral - there is no
justification for taking a person's life.
Implicit Reasoning:

Abolishing capital punishment suppresses taking a
person's life, and taking a person's life causes
the death penalty being outdated and immoral.
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Argument:
We should abolish zoos, zoos do more harm than good
to the animals that are held in captivity largely
for entertainment purposes.
Implicit Reasoning:
Abolishing zoos causes animals to no longer be kept
in captivity. And animals no longer being kept in
captivity suppresses them being held for entertainment
purposes.
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