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Study of editing background images using StyleCLIP and semantic segmentation
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B 78 3 2 AT o 72 [16). S, HBEREBoO L2 &
LPIPS[18] /2 /ill 2, FID[5] % KID[20], PSNR, MS-SSIM[19]
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K1 EIVTA4vIEIAYT—2avOEEILLZDEENLLERER
FiE L2()) | LPIPS(1) | FID(l) | KID(X 1073)(J) | PSNR(T) | MS-SSIM( T)
REFE 0.06412 | 027514 | 44.97 18.36959 18.25542 0.57358
StyleTransformer+HyperStyle | 0.05276 | 0.22515 47.50 19.98976 19.11787 0.64569
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