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Fine-Gralned Cooking Action Recognition in Egocentric Videos
with Capturing Ingredients' Transformation
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Methods Data A Data B Data C Data D
I3D(RGB) | 96.3+0.6 389437 8.6 +3.7 272499
I3D(Flow) | 626+78  285+65  218+97 242493

13D 64.9 +3.7 293479 258+ 13 248+ 12
Ours 470+84 43.1+7.9 46.3+7.5 33.3+7.8
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