FIT2022 (% 21 EMEMA SN 74— L)

AT & INBR L7 IRE L8 IS K D E SHlElFEORSE
Signal control by deep reinforcement learning taking pedestrians into account
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Algorithm 1 Leaning Algorithm
T- for episode = 1o N do

2:
3
4z

while step < mazr.step do
get traf fic states and waiting time: s,, w,
estimate reward : r,
update old adjacent signal action
if len(M) > maw_size — 1 then

6

7 delete M[0]

& end if

a: append cxperience = (s;, ap, 74, 5t 1)
100 select action with e—greedy @ a,
11: yellow phase and green phase
12: update s, | = sp, 1 =,

13 end while

14:  update target network

15 repeat training epochs do

16: get bateh size experiences

17: update network parameters
18:  end repeat

19: end for

Algorithm 2 Learning Algorithm using time series data
I for episode = 1 1o N do
while step < maz_step do

get traf fic states and waiting time: s, w,
estimate reward : 7,

get hidden state :
que and pop time step states : Is,

hia

if s, > (max ls_size) — 1 then
if len(M) > mar_size — 1 then
delete M[0]
end if
append experience = (ols;, oay, e, lse, he)
select action with e—greedy : a,
else
select action randomly
end if
yellow phase and green phase
update ols, = Is,, oa; = a
end while
repeat training epochs do
20: get batch size expericnces
21:
22,
23:
24: end for

burn in process
update network parameters
end repeat
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HEFEE  EEE  hEE GEE

x10%s  x10%s  x10%s

Drc 128.1 147.6 178.3
LTC 5719  629.2 792.4
KTC 64.8 67.1 69.3

# 4.3 BATH O Rk

HFE RS PR &
*x10%s  x10%s  x10%s
DTC 347 42.8 67.0
LTC 236 51.4 43.9
KTC 1534 2283  250.1
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