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Rumor Detection based on Deep Sentiment Analysis
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ser0:

support

User3:

deny

branch1

branch2

These are not timid colors, Soldiers back
[guarding Tomb of Unknown Soldier after
today’s shooting. #StandforCanda PICTURE

[~ Reply1

@User0 | don't believe there are soldiers
guarding this are right now.

branch3

Reply4

Usert: derty

@User0 Apparently a hoax. Best to take
Tweet down

~—>» Reply2
serZ:

deny

@User0 This photo was taken this
mormning, before the shooting.

Userd:

comment

@User3 wondered as well. I've
reached out to someone who would
know just to confirm that. Hopefully
get response soon,

User3:
@User4 ok, thanks.
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