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F 1 FEBRHER (VGGI6)

B EoME | FBRREE | TA—FER| BRI
[bit] [%] [bit] [%]
VGG16 32 49.64 | 1,088,222,336 | 100.00
5 51.01 170,372,672 15.66
kT
4 50.85 136,378,240 12.53
(INQ)
3 49.99 102,383,808 9.41
5 51.95 170,372,672 15.66
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[bit] [%] [bit] [%]
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