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Systematic Evaluation of Reflected Cross-Site Scripting Attacks Using
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<textarea></textarea><script>alert(1);</script></textarea>
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1 <script> alert(1); < /script>

2 </textarea>  <script> alert(1); < /script>

3 —> <script> alert(1); < /script>

4 javascript: alert(1);

5 onerror= alert(1);

6 onerror= alert(1);
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8 > <script> alert(1); < /script>

9 7> <script> alert(1); < /script>

10 "> <script> alert(1); < /script>

11 % alert(1); //

12 alert(1); //

13 alert(1); //

14 %0d%0a alert(1);

15 */ %0d%0a alert(1); /*

16 Y0 alert(1); /7

T ! alert(1); /7

18 </style> <script> alert(1); < /script>
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ETN1 ETI2 ETIN3
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Q%% | 14.74 (s.d. 0.03) 266.6 (s.d. 4.2) | 4.11 (s.d. 0.03) 302.4 (s.d. 6.1) | 65.45 (s.d. 0.85) 312.6 (s.d. 16.2)
DQN | 30.98 (s.d. 0.51) 298.4 (s.d. 4.2) | 31.67 (s.d. 1.06) 221.4 (s.d. 0.8) | 165.95 (s.d. 5.06) 304.4 (s.d. 29.4)
A2C 19.86 (s.d. 0.16) 234.6 (s.d. 2.0) | 19.90 (s.d. 0.24) 221.0 (s.d. 0.0) | 105.48 (s.d. 2.69) 280.6 (s.d. 11.5)
PPO | 5.26 (s.d. 0.02) 237.0 (s.d. 2.5) | 6.26 (s.d. 0.04) 222.2 (s.d. 2.4) | 27.11 (s.d. 0.22) 271.6 (s.d. 2.9)
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