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BT — 2 %ML THEL LT — &R E WD
FIEBFET 5, BIRBERI N 5 E. T— 2 ~DT 7
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Hi7r & D Geometric Transformation, v 7 & AHD
#{F < Gray Scale Z#17z & @ Color Space Transfor-
mation. H{R D Fedifb 132> L 7% & D Kernel Filters.
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Mg Z KT 2 Fike LT GANM]IBEET %,
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Fig.1 GAN's conceptual diagram
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GAN (C X 2 #fifi7 — 2 LR IcE & #2 2 € CNN D%
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Fig.2 Proposed method
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1. Original Data + Generated images

2. Generated images

Original Generated
Data images

Data Training
Augmentation data * 3. Conventional
Data Augmentation

4. Original data only

Fig.3 Method of verification
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Fig.4 Generated images by conditional GAN
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