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Lip Reading using Facial Expression Features
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3.2.1 Appearance-based Feature (AF)

— IR — 2 ORI DB REI O ROI ZfhH L, FF
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3.2.2 Motion-based Feature (MF)
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AWt — a3 U R—ADREERELIZ[8]. 7-72L, &
T4 N7 e IHEBEOTEIZKE  BR LARWIERD
& 2T 572, WIS E % KITT. & Z T Iwasaki
H6]i%, BHOREEIZE S E—T a v R— AR UL 12
ESP

FHREMEOBAED 7 L — L E RO T L— ADROZESME
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3.2.3 Head pose-based Feature (HP)
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3.2.4 Shape-based Feature (Shape)
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3.2.5 Expression-based Feature (Exp)
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3.2.6 Action unit-based Feature (AU)

Facial Action Coding System (FACS) IZEHDO/EIC L > T
ANDEOT & 25T 5 AT LA THS. FACS W5
&, FFETOREZa—MEL, RIEZLEAH LIRE
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T —F TIERWVED AU O U TV H A AOREHEE TiE
BIRELT[15]. EHOT 74 A MR Ehizt, —20
Bt Ean s, —oBI%, TSSO % Histograms of
Oriented Gradients (HOG) IZ# M35 2 & TH LI 2 W&
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Constrained Local Neural Field (CLNF) ®/XT X —X|ZX -
TELND R THD. AU OHEEIZIT Support Vector
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3.3 RBEBFE

Recurrent Neural Networks (RNN) %, BFR¥IT — &%t
THZa2—FNFy NU—7ThV, WHICHEOMHES
Ffo. ZoMEICLY, RIFZIOERETLEL, BNRs
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4.1.1 CUAVE[18]

CUAVE (The Clemson University Audio-Visual Experiments)
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! http://dlib.net/
2 https://github.com/fengju514/Expression-Net
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3 https://github.com/TadasBaltrusaitis/OpenFace
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® 1 RRHER
Fr R AR
ESis MF AF HP Shape Exp AU OuluVs[%] CUAVE[%] CENSREC-1-
(40) (256) (6) (99) (29) (17) AV[%]
1[14] O - - - - - 73.2 76.4 54.3
2[14] - O - - - - 79.1 74.9 725
3 - - O - - - 13.4 19.9 10.0
4 - - - O - - 13.7 27.3 131
5 - - - - O - 67.4 67.4 23.7
6 - - - - - O 69.8 71.2 59.2
7[14] O O - - - - 83.1 79.9 74.3
8 O O O - - - 79.4 75.5 24.0
9 O O - O - - 79.3 75.1 745
10 O O - - O - 85.6 83.1 745
11 O O - - - O 86.6 83.4 771
EiERS

AHFZ21%, JSPS B 16H03211, 17H01840, 19KT0029
DRI LB EDTHS.
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