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Hyperspectral Image Reconstruction Using Deep Residual Attention Network

from Snapshot Images
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[ Dataset | Metrics | TwIST HSCNN DSSP %7 |
PSNR - 24.19 24.94 25.89
CAVE SSIM - 0.75 0.804 0.825
SAM - 0.219 0.146 0.109
PSNR 27.16 35.77 36.32 36.59
Harvard SSIM 0.924 0.93 0.939 0.939
SAM | 0119  0.069  0.069 0.068
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