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Reproduction of Mcgurk Effect through Integrated
Visual and Auditory Learning using Autoencoder
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Visual/ Audio Model Prediction
Setting Iga/ /ba/ /da/
lgal, lga/ 82.6% 2.2% 15.2%
/bal, /ba/ 4.4% 89.1% 6.5%
lgal, /ba/ 28.3% 13.0% 58.7%
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HXWxTimexCh | Filter size | Activation Func
Input 64x64x8x3
Conv3d x5 2x2x8x128 3x3x3 BN, LReLU
shared layer | 2x2x8x256
Convad 2x2x8x128 3x3x3 BN, LReLU
Deconv3dx4 | 32x32x8x128 3x3x3 BN, LReLU
Deconv3d 64x64x8x3 3x3x3 Sigmoid
K3 TILFE—HFILAEDEFHLOEE
BinxTimexCh | Filter size | Activation Func
Input 128x8x2
Conv2d x5 4x8x128 3x3 BN, LReLU
shared layer | (2x2)x8x256
Convad (2x2)x8x128 3x3x3 BN, LRelLU
Deconv2dx5 | 64x8x128 3x3 BN, LReLU
Deconv2d 128x8x2 3x3 Sigmoid
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