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In Search of Appropriate Combinations of Signal

Conversion Method and Machine Learning Model for

Analyzing Simulated Data with Huge Amount of Noise
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STFT (hamming window)  CWT (gabor wavelet)  CWT (mexican hat wavelet)
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15525 | batch Epoch Loss | @ mape[%] B3 mape[%] ~ mape[%)] Loss | @ mape[%] B3 mape[%] ~ mape[%)]
STFT (hm) 128 1230 | 168.6208 33.9061 98.9118 35.7451 | 155.6689 35.0739 99.0193 21.5196
CWT (gb) 128 3416 43.6136 0.3955 8.8489 34.3620 56.0599 0.6485 21.0981 34.1451
CWT (mh) 128 2411 57.2599 1.0493 16.4137 39.8400 62.8354 1.3447 22.0227 39.4501
STFT (hm) 256 1841 41.1808 1.1581 10.0877 29.8527 | 44.1784 1.2409 13.7408 29.1675
CWT (mh) 256 1820 41.2527 0.7890 7.4775 33.0981 52.3024 1.4260 16.8760 33.9935
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