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Monocular Depth Estimation by CNN using Skip-Connection and Separable Convolution
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3.1 Skip-Connection

Skip-Connection & 1%, *» b U —7 OHIHRS DR~
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Thresholded accuracy

PR | rel rms

§<125 | §<1.25% | §<1.253
fEkETFE | 0.172 | 0.778 0.719 0.934 0.983
TR FE ] 0153 | 0.707 0.783 0.958 0.990
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