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no Feature Selection Feature Selection
category BL Conv. W.Conv BL Conv. W.Conv
Neural_Networks 0.7703 0.7903 *0.8343 0.7712 0.7900 *%0.8351
Probabilistic_Methods 0.8708 0.8851 *0.8981 0.8705 0.8805 *%0.9008
Genetic_Algorithms 0.9233 0.9251 0.9105 *0.9336 *%0.9391 0.9302
Theory 0.8127 0.8372 *%0.8898 0.8139 0.8375 *0.8751
Case_Based 0.9034 0.9147 0.8291 0.9023 *0.9144 *%0.9219
Reinforcement_Learning 0.8985 0.9334 *0.9494 0.8969 0.9336 *%0.9517
Rule_Learning 0.9186 0.8366 *%0.9461 0.9151 0.9032 *0.9435
average 0.8711 0.8746 *0.8939 0.8719 0.8855 *%0.9083
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