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Improvement of frame rate in cine MRI using deep learning
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(Peak Signal to Noise Ratio) , SSIM (Structural
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DT TR TORBIEIZB W TR b IBEEN &
R Lo 7z.
R4y fAHE 40 msec DK 7 L — A L — MNEE TIL, 7
L—AZ L OEROEACEN VI o Tl 8, FERmIE
BIRCRERZIR N7, LL, BILEDSE
VWDEEERTIE, HFCNNIC X 5 7 L— Ao L— MEifg
23, SRCNN, U-Net &L C, kbHBEICHITE
TR E 720, BRIRICB T DE AN RR ST,
F7-, SRCNN % U-Net [2~_T, HFCNN @5
BWREELZRLEZBERBLE LT, 15X15 Oy F 4%
BN ZZ L2 E 0, DIRO/NSREEICHIET 5 Z
LR TEREEZLNS.

#1 7TDOI % MRI BIk$ 5 B

SRCNN U-Net HFCNN
RMSE 8.21 12.79 6.76
PSNR 37.16 33.96 38.95
SSIM 0.996 0.992 0.997
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FOA AN TR EINT.
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