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Identification of organs from pathological specimen using convolutional neural network
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x1: BESBRODFEE (%)

ZLAR FELEEP Kbz BE FERE fii A

ALAR 100.0 0.0 0.0 0.0 0.0 0.0 0.0
FEEEER 11.8 70.6 0.0 5.9 5.9 5.9 0.0
Kz 14.3 0.0 85.7 0.0 0.0 0.0 0.0
BiE 0.0 4.2 8.3 70.8 0.0 4.2 4.2
BRE 5.3 0.0 0.0 7.9 78.9 5.3 2.6
fifi 9.1 9.1 0.0 0.0 0.0 81.8 0.0
A 7.9 6.6 0.0 1.3 0.0 1.3 82.7
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