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Fig.1 A POMDP environment
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Fig.3 Mazes

Table. 1 The number of subgoal candidates on the red
cell (the sum of 100 runs)

Method Proposed method | HPG
Maze
Maze 1 100 46
Maze 2 100 72
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Fig.5 Subgoals expression

Table. 2 Parameters

The number of PS trials at initial population | 15000
The number of generations 49
The number of agents 50
The number of reinforcement learning trials 300
Elite preservation O O 30
Crossover 10 0 0 20
Crossover 20 0 O 50
Mutation rate 0 O 5
R (fitness calculation) 100
a (fitness calculation) 0.2
b (fitness calculation) 3
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Fig. 6 The result in a POMDP environment

Table. 3 The number of appropriate subgoal candidates
(the sum of 100 runs)

State ID Method Proposed method | HPG
301 36 =5
327 100 100
359 g1 =
364 ] 7
365 100 100
485 90 33
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