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Discriminating Fish Species by Fish Finder in a Set Net using CNN
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Adam | SGD | RMSpropGraves | RMSprop | AdaDelta | AdaGrad MomentumSGD | NesterovAG
SEYIRERE | 0.9811 | 0.9768 0.9903 0.4143 0.9848 0.9892 0.7679 0.7412
EHEfRZE | 0.0160 | 0.0240 0.0110 0.3103 0.0149 0.0092 0.2992 0.3240
# 2: RMSpropGraves FIEE 7 )V D 5 fED F f
| Y TV | A4UY | Ah | xr/n
Ffl | 0.9786 | 0.9988 | 0.9828 | 0.9983 | 0.9983
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