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Generating word embeddings from social-media originated image tag co-occurrnces
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USF Assoc 999 (54%) 0.34 0.38 0.44
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SemSim 7576 (62%) 0.62 0.63 0.72
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antonym 798 0.05 0.18 0.13
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hypernym 4163 0.06 0.02 0.04
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