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E(a,context) = R(a,context) +

Algorithm 1 UCB with delayed reward

Input: o, f3, Capacity, r, Supply cost, fail cost ER
fort=1,2,3,...Tdo
Observe context, current amount loaded
Choose arm a = argmax E(a,context)
Observe the reward
if supply #0
Update R(a,context) based on accumulated reward
Accumulated reward is initialized
end if
end for
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FEBRTIE, FATMIZH LT, ##ETFIEICLVEEE
EIE LIz, ATMOZRRIT 1360000 & L, armiX, -
1360000~1360000 D% 13600 o [E]E CTHESE & L T4
LT (arm % 201). Z 2 Tarm DNEDOEEZTRAEE1L,
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# 1. Statistical data of ATMs
ID NUMBER OF NUMBER OF DAYS
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20134001 29276 365
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20134009 96811 360
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20134011 105336 359
20134012 48713 351
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ZEGET 2 2 ENRRETEICTH 572012, RIRICKT D
NINVT 4 2LV ELSRETDHHFN L @ L 72178 %
SHEHLRLTWVWEWVWI ZERNEZLND. L, &E
B2 RN I BT, fail cost=1000 & 100000 TiEiEiF
Fl—T&® 57, fail cost=10 DIFADILHK I, RIZUGRL T
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EEVELRD-STEbDEEZLND. ZTHIIXHLT,
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THZEIRBREIND. FR & FARZ, fail cost DY) 72
BENL, RKREOEGELAC Y, x5~ UL AN

WAL T LNy o T,

Total fail

400
L

300
L

200
L

100
L

. Fﬁ o

20134001 20134002 20134009 20134010 20134011 20134012 20134013 20134016 20134017

9. JRklal%k (fail cost=1000)
Gigeth - SRk el%k, A - ATM 1D)

Total fail

20134001 20134002 20134009 20134010 20134011 20134012 20134013 20134016 20134017

X1 0. Zml% (fail cost=100000)
Cigedth - JRRcE0 %k, A% - ATM 1D)

Fails
400 500 600
| | |

300
1
3

200
1

°

T T T T T T T
0 20000 40000 60000 80000 100000 120000

average demand
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Wi 7= R % Multi-armed Bandit RHEE L TERYEL,
e © WG 2 —HOTENRRINO b—Z LD a2 MU E L
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UCB (Upper Confidence Bound) 7/ 3V AL ZEA, X5
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FONRE =T P B EETHZDIZ, context & X0 EHE
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