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Abstract This paper proposes a topic structure mining method for document set with timestamp. The topic
structure mining is a text mining method using the graph structure based on document pair similarities in the
document set. This method yields not only topic extraction from documents and clustering of documents but also
extracting the relationship between clusters and meaning of each document in the cluster. Our method combines
the temporal co-occurrance and document similarity to construct the graph structure. We also report the evaluation
result and effect of this proposed method.
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Table 1 Specification of the newspaper test set and main topic list for evaluation

Name of set Search query # of docs. | # of labels | # of clustered docs.
murder oo 200 26 98
scandal OO0 or 00 or 00O 200 22 170
kidnapping oo 200 33 113
terrorism OO0 or 00 or 00 200 28 105
s+t(scandal+terrorism) — 400 50 274
s+k(scandal+kidnapping) | — 400 55 282
m+s(murder+scandal) — 400 48 267
m-+t(murder+terrorism) — 400 54 203
m-+k(murder+kidnapping) | — 392 56 205
k+t(kidnapping+terrorism) | — 399 61 219
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Fig.4 Accuracy of Topic Identification(p = 5,¢ = 0.7)
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