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Abstract Our aim is to realize user-friendly clustering for large high-dimensional data sets. It is difficult to
choose a desired clustering result among natural ones. In order to obtain a desired clustering result for large
high-dimensional data sets, we found that it is necessary to perform interactive clustering. We have already pro-
posed an indicator function for choosing a more natural clustering result than the other one. In this paper, we
propose a new indicator function based on the degree of outliers, which chooses more natural clustering result
than one chosen by the previous indicator function. In simulation experiments with benchmark data, we show

effectiveness of the new indicator function.
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Algorithm ODM(Original data Set:ODS, e;, layer);
begin
for j =1 to layer do
begin
r; = ComputeLength(j, ODS);
E; = EnumerateCells(rj, ODS);
E’, = EnumerateCells(rj, ODS — {e;});
end;
Fd = ComputeFD({(r;, E;) | 1 £ j < layer});
Fd' = ComputeFD({(r;, E}) | 1< < layer});
return(Fd’ — Fd);

end
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