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Abstract

posed a clustering algorithm using the modularity(the Newman’s algorithm). The Newman’s algorithm is a greedy algorithm

As a technique of dividing vertex set of a undirected graph into a dense structure called a cluster, Newman has pro-

and can obtain a clustering at high speed. However, a greedy algorithm may fall into a partial optimal solution, and a good
clustering may not be obtained. This paper propsed a clustering algotihm of a undirected graph by the modularity using the
tabu search. By using tabu search, it is expected that the proposed algorithm can obtain a high-precision clustering rather than
the Newman'’s algorithm. In order to evaluate the proposed algorithm, the experiments used a network data and a graph data
of the trackback data. As the experimental results, the proposed algorithm obtained the clustering in which accuracy is high
compared with the Newman’s algorithm. This paper explains the proposed algorithm and reports the experimental results.
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