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Abstract

A classification model can identify whether an item of textual data describes the contents related to a specific event

or not. In the learning of this model, the number of items related to the event (positive examples) is much smaller than the

number of the items unrelated to the event. Therefore, the model excessively tends to depend on the negative examples. The

paper proposes a method that decreases imbalance of examples based on features of textual data. The method identifies two

kinds of important negative examples by using expressions related to the event, and regards remaining examples as redundant

examples. The paper also applies the method to items of textual data collected from bulletin board sites. In addition, the paper

verifies its effect through the comparison of previous methods and evaluates such influence that relevant expression sets give

to the classification efficiency.
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