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Learning Polarity of Phrases from HTML Documents
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Abstract In recent years, a considerable number of studies have been made on sentiment analysis. Sentiment
analysis requires lexicon in which word/phrase and its polarity pairs are listed. Building such lexicon is one of the
fundamental issues in sentiment analysis. In order to build such lexicon, some researchers porposed methods that
exploit thesaurus or dictionary. One flaw of this approach is scalability. It cannot handle such words that are not
listed in thesaurus or dictionary. In addition, this approach cannot deal with phrases. Co-occurence based method,
which uses the number of hits that is obtained by issuing queries to search engine, is another strategy to build
lexicon for sentiment analysis. The demerit of this method is computation cost. Since search engine is exploited, it
is difficult to process large number of words. It is also problematic that co-occurrence based method relies on naive
assumption. This paper proposes a method of building lexicon for sentiment analysis by using polar sentnce corpus
that is automatically constructed from HTML documents.
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