DEWS2007 C9-8

ogbtobotdbououoboobooboboubod
Jodouoogn

oo oof 00 Of

100000000000000 0277861 000005001050
E-mail: {{nagai,chikayama}@Qlogos.ic.i.u-tokyo.ac.jp

0000 O00OO0ITODOOOOO0OO0OO0,0000000WebOOOOOOOOODO. WebOOODOODDOODODOO
boboooboobobooboooboboboooboobobooooooooOo,boboboobooboobooOoban
ubhobOoooobooboboooooobo.boboocooboboooooooooooooooooooooon
gbooooobobo,oboboooobooboobooboooobobooooobooo,oboooob0oboooboon
goboooooooooboobooboobobobooooooo,coboobobooooboobbO.oboooobo,bo
gooooboboooooooooobobo,booobooobooobboooooobOOoobooboobDobobDOobooboOon
gboobooooboobooboo,oboooobooboooboo0obOobooooobobobobobDOobDOoDOoon
goooooooo.

goooobo O0Ooobo,0c0b0boocoboboo

The Online Search Support

Using Keywords Appeared in Browsed Documents

Yoichi NAGAI' and Takashi CHIKAYAMA

Kasiwanoha 5-1-5, Kasiwa-si, Chiba, 277-8561 Japan
E-mail: {{nagai,chikayama}@Qlogos.ic.i.u-tokyo.ac.jp

T Faculty of Frontier Sciences

Abstract In these years, information technology has developed rapidly and there are huge digital data reserved
in computer or database. So, a lot of people use Web search engine to seek Information. At the same time, we have
to search applicable data from such flood of information. Therefore to search data we want, various methods are
developed. In this paper, We introduce the existing method of Web searching first. Many existing search methods
use machine learning. But enerically machine learning demands many train data set. It contravene the purpose
to reduce Web users burden. So we propose a system that suggests query user really needs without a lot of users
browsing record.
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