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* 3.5day main conference + 2day workshop + tutorials + half-day

excursion
 Main conference Tl&. 4 oral sessions + 1 poster session + demo session AVl {T

e 1039 submissions (reviewed) KNGS o e
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e 337 Accepted papers
e Oral :135
* Poster:202

* Acceptance rate: Y = .
e Oral + poster :32% B B N vRsne - Al YLP
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Invited talks

* “Universal Dependencies - Dubious Linguistics and Crappy Parsing?”
e Joakim Nivre

e “Getting the Input Right: Refining our Understanding of What
Children Hear”

* Reiko Mazuka

e “NLP to support clinical tasks and decisions”
e Dina Demner-Fushman

e “A Look at Computational Argumentation and Summarisation from a
Text-Understanding Perspective”
e Simone Teufel



“D-GloVe: A Feasible Least Squares Model for
Estimating Word Embedding Densities”(1/3)

» H#J: Word embedding [ZHUVT, density #88 A Y HZET, co-
occurrenceDEFE E HMELVIF S K WuninformativeZZZB [ZIX AL 5,
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“D-GloVe: A Feasible Least Squares Model for
Estimating Word Embedding Densities”(2/3

e uninformative’ZiZ & NDEEEF /NI,
e w;-w; &, BIETHELTlogP(j|i)EAE NS ULNELE S Evariance TEEAT

Frequent and informative Frequent and uninformative
Term Frequency Vm'[c;”'m] Term Frequency Var[c:'f”}
one 411764 1.39 in 372201 58.08
time 21412 0.720 was 112807 43.16
states 14916 0.259 or 68945 57.10
united 14494 0.282 his 62603 47.05
city 12275 0.221 also 44358 44.87
university 10195 0.632 their 31523 84.35
french 8736 0.270 used 22737 31.80
two 192644 0.815 these 19864 25.96
american 20477 1.26 e 11426 4575
government 11323 1.54 without 5661 30.38
Infrequent and uninformative Infrequent and informative
Term Frequency Wu‘[c’;’-’”] Term Frequency  Var[e?™”]
wendell 40 29.38 psycho 56 0.05
actuality 42 29.75 quantization 56 0.25
ebne 54 30.17 residue 56 0.02
christology 45 31.04 inert 54 0.98
mico 45 33.38 imap 54 0.19
utilised 30 2152 batsman 32 0.68
reopened 54 2132 bilinear 32 0.18
generalizes 24 19.07 crucified 50 0.08
flashing 49 19.83 germanium 50 0.11

eitc 27 20.77 lactose 50 0.45




“D-GloVe: A Feasible Least Squares Model for
Estimating Word Embedding Densities”(3/3)
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e "Evaluating Argumentative and Narrative Essays using Graphs"
e "Using Argument Mining to Assess the Argumentation Quality of Essays”

s MEFRXDEHRANTORE

* “Modeling Diachronic Change in Scientific Writing with Information Density”

- BrEIRAZR DN EE

e "On the contribution of word embeddings to temporal relation classification”
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e “Extraction of Keywords of Novelties from Patent Claims”

« Computational Psycholinguistics M—2®MDtvi 3>
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“Using Argument Mining to Assess the
Argumentation Quality of Essays”
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Paragraph Premise: Secondly, most vielent crimes are related to the abuse of guns, especially in some countries where guns are available for people.
Conclusion: Eventually, guns will create a vielent society if the trend continues. Premise. Take an example, in American, young adults and
even jiuveniles can get access fo guns, which leads fo the fragedies of school gun shooting. Premise. What is werse, some terrorists are able

to possess more advanced weapons than the police, which makes cifizens always live in danger.

ADU flow (1x Premise, 1x Conclusion, 2x Premise) ADU change flow (Premise, Conclusion, Premise)
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essay ADU flows ADU n-grams ADU compositions
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_ flow (o e o ) 0332 — 0 o2 0333 0667 0867
— N feature changes { —— 0,667 0.100 1 oo ose7 o000 03:
— computation " (m— s ) 0333 n=2 e 2 oxs oo 0:3 0000
— — wio (M — — 0.333 e 0222 =2 03 0000 0000 0.000
— — —- none (M 0.333 R
[ — — ) 0.333
— — 0111 min 0 0 0 0
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+ w/o none ( I 0.333 N=3 T—-——— Eﬁg max 3 1 2 1
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Figure 4: Sketch of the three feature types that we propose based on the output of argument mining.



“Modeling Diachronic Change in Scientific
Writing with Information Density”
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c HEEDRBLANITELADITHASH A, POS n-gramTHRELLELNH S
« 20tHF¥2DPOS n-gramlk. EWLVAHARE/NI—2ILRFEF-TLNVS

POS 3-gram examples

~

> ,INDT , that the, , in the., on the
E IN DT NN by the author, in this paper, of the earth
2 NN, CC water , and, acid , and, light , and
5—; DT NN , the author, | this paper;, , the earth ,
— DT NNIN the action of. the quantity of, the surface of
.. INNNN  superficial gas velocity, natural language processing, optimal control problem -
E DT NN NN a computer program, the heat transfer, the nucleotide sequence
2 NNNNIN nucleotide sequence of, sequence analysis of, gene expression in
= JINNNNS  partial differential equations, open reading frames, linear matrix inequalities
& NNNN. gene expression ., power consumption ., control system .

Table 3: Most frequent lexical realizations of top 5 POS 3-grams for 20th c. and 19th c. abstracts



“On the contribution of word embeddings to
temporal relation classification”
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When Wong Kwan spent ., seventy million dollars for this house, he thought it was a great deal. He
sold .., the property to five buyers and said he’d double his money.
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