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® Classification

ImageNet Classification with Deep
Convolutional Neural Networks, NIPS2012

Going Deeper With
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avg pool
fc 1000

77

34-layer residual
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Deep Residual Learning for Image Recognition, CVPR2016
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@® Object detection

aeroplane? no.

person? yes.

tvmonitor? no.

1. Input 2. Extract region 3. Compute 4. Classify
1image proposals (~2k) CNN features regions

Region-based Convolutional Networks for Accurate Object Detection and Semantic
Segmentation, CVPR2014
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forward /inference

backward/learning

Fully Convolutional Networks for Semantic Segmentation, CVPR2015
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® Human pose recognition

Convolutional Pose Machines, CVPR2016
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» Classification
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* Semantic segmentation
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« Barack Obama is in this picture.
« The other is probably his wife, Michelle.
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The MGI Industry Digitization Index Relatively low - - Relatively high
digitization digitization
@ Digital leaders within relatively undigitized sectors

Finding new research field

2015 or latest available data

Assets  Usage Labor
4 . 2 £ L -
|- i § & 3 e 3o E Em-  Produc-
over & & 5 2 2% £ §2 852 ploy. tivity
o 335§ B Hf3atafl oo g
Sector atow 2 58 £ 2 38 3 35 34 8% Muecue %
IcT 5 3 46
AdTech ) Media 21 36
. Professional services 9 6 03
F|nTeCh -anceauimumce 8 4 16
Wholesale trade 5 4 02
Advanced manufacturing 3 2 26
Oil and gas 2 01 29
Utilities 2 04 13
Chemicals and pharmaceuticals 2 1 18
Basic goods manufacturing 5 5 12
Mining 1 04 05
RealEstateTech [N Real estate 5 1 23
Transportation and warehousing 3 14
EdTech me) educaton 2 2 05
Retail trade 5 1 1.1
Entertainment and recreation [N 1 1 09
Personal and local services 6 1 05
Govemment 6 15 02
HealthTech [T Health care 0 13 01
#578 TH L ) ot f o
Construction 3 5 -14
AgriTech [ Agriculture and hunting 11 09

www.mckinsey.com
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CG + Machine Learning — Next CV

Unlabeled Real Images

'
1

Synthetic Refined
SImMGAN, CVPR2017

Figure 1: The top image was synthesized from several input

Ez.rtlt(())?lnrls; A portion of four of the inputs is shown on the %g E/J 770 I:I 9: ( C G)

DeepStereo: Learning to Predict
New Views from the World's
Imagery (Google, CVPR2016)
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Exhibit E2

The MGI Industry Digitization Index Relatively low Relatively high
digitization digitization

@ Digital leaders within relatively undigitized sectors
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—— 2015 or latest available data

Assets  Usage Labor
(=] (=]
£ p £ -
2 E E g B ) £ ™ E Em-  Produc-
over & %8 5 2 28 £ 35852 ploy-  tivity
S 33 % 18 33i3il oo omm g
Sector zation! ig’ 'rg.., = E &8 2 EE E-E EE B B %
ICT 5 3 46
AdTech===. S EEmm - -
. Professional services 9 6 03
FlnTeCh~ Finance and insurance 8 4 16
Wholesale trade 5 4 02
Advanced manufacturing o -- - 3 2 26
Oil and gas ---- 2 01 29
s N | R
Chemicals and pharmaceuticals 2 1 18
Basic goods manufacturing 5 5 12
Mining 1 04 05
ReTech ) reatestae . BE 23
Transportation and warehousing E 3 3 14
EdTech==) suaton . ] 2 05
Retail trade ° - - - 5 11 41
Entertainment and recreation - - 1 1 0.9
Personal and local services 6 11 05
Govemment ° 16 15 02
HealthTeCh- Health care N N 0 13 01
Omotenashi === Fostaiy PR | | EERCENNEL
Construction - - 3 5 14

Ag riTeC h‘ Agriculture and hunting 1 1 09
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