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Abstract A retrieval on large DNA sequence data is very important in bioinformatics. However, it takes much
time to search and comparison on large DNA sequence data. In this paper, we propose multiple clustering for this
problem and implement them. The result shows that multiple clustering is a more efficient approach for retrieval of

DNA sequence.
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starting point X;.

Output: N datasets consist of K Clusters.
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for i=1to | to
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