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Abstract In 3-dimensiona space, we measure the data about a motion of an object using QuickMAG which is a
motion capturing system, and advance construction of a moving object database system which realizes various queries. In
order to aim at improvement in the efficiency of this query processing, we organize data with an index. In fact, based on an
indexing approach that uses the dissimilarity between one certain data and other data in a moving object database as an index,
and structures moving object data with one dimension using B*-tree, we researched for structured data by this approach. We
compared the query performance of no structured data and structured data, and checked that this one-dimensional indexing
approach is effective. In this paper, also in some query processing, we focus on a similarity search function and discuss about

thisindexing approach and its effective.
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Table 1 Similarity Search Results and Execution Time 3. 1
trainl c trainl_fs
TimeWarping TimeWarping
1 trainl c trainl_c 1| tranl fs trainl_fs
2( tran2_c train2_c 2| train2 fs train2_c R K-D
3| train2_fsfs tran2_fsfs ||3| trainl fsfs trainl c
4 trainl_fdfs trainl_fs 4| train2_fdfs train2_fsfs
5| train2 fs train2_fs 5| trainl ¢ train2_fs [6,7]
6| trainl fs trainl fsfs 6| train2 c trainl fdfs
2.82(9 72.95(s) 2.84(9) 74.76 (9)
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Table 2 Execution Time for ldentity Data Search
300data 600data
() 6.856 13.281
1 ( 0.171 0.338
() 40.1 39.3
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3 & =500
Table 3 Execution Time ¢ =500
datal | data? | data3 | datad | datab | datab
() 13.473] 13.088 | 13.204 | 13.492| 13.268] 13.183
1 ( )| 14.721| 14.65 | 14.416] 15.189| 15.03 | 14.862
600 600 600 600 600 600
() 0.915 | 0.893 | 0.916 | 0.888 | 0.883 | 0.887
4 ¢ =100
Table 4 Execution Time ¢ = 100
datal | data2 | data3 | datad | datab | datab
() 13.272| 13.39 | 13.663| 13.28 | 13.387| 13.274
1 ( )| 2592 386 | 7.602 | 7.157 | 4912 | 7.99
8 62 256 178 122 210
() 512 | 347 1.8 186 | 273 | 166
5 =50
Table 5 Execution Time ¢ =50
datal | data2 | data3 | datad | datab | datab
() 13.264| 1353 | 13.274| 13.249| 13.11 | 13.205
1 ( )] 0739] 2037 ) 4793 | 2.74 | 1.936 [ 2.861
4 20 114 34 32 44
() 179 | 664 | 277 | 484 | 6.77 | 462
6 e=0
Table 6 Execution Time &¢=0
datal | date2 | data3 | datad | datab | datab
() 13.21 |1 13.319| 13,503 13.09 | 13.247 | 13.469
1 ( )| 0328] 0329 | 0.343 ] 0.338 | 0.344 | 0.341
1 1 1 1 1 1
() 403 | 405 | 394 | 387 | 385 [ 395
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Figure 5 Relation between ¢ and its performance
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Table 9  Search Result Ranking
Rank| ScenelD | SceneMame |ObjectiD [ObjectiMame |Drizsimil arity
1 261 [yumiko00 251 |pinEpone 0
2 262 [yumikodl 2 262 |pingpong 192246
3 282 [yukan0zl 228 lpinEpone 201776
4 95 |y ka0l 95 |pingpong 22704
[ 260{yumiko0l O 260 |pinEponE 240242
[ 94 |yukar0l 4 94 |pingpone 302404
7 53 [nakamura 003 53 |pingpong 3 E04e
3 269 [yumika00g 258 |pinEpone 316314
g 175 [nahokoll & 175 |pinEpone 355882
10 264 [yumiko0 4 264 |pinEpone 375081
11 176 [nahokoll & 176 |pingpone 380964
12 263 [yumikao0l 3 263 |pinEponE 3099760
13 173 |nahoko0l 3 173 |pingpone 437040
14 198 {rayC 192 |pinEpone 469150
15 96 |y kari0l G 96 |pingpone 46.9440
16 180{nahoka020 180 |pinEpone 47 6R4
17 129 [yokokawa009 120 |pingpone 50207
18 196 [rayCE2h 196 |pingpone BOG3TE
19 131 [yokobkamalii 13 |pinEpone Bh.4a04
20 62 |ozakiO02 G2 |pingpone hd 1152
] 188 [rayll 2 188 |pinEpone 559660
22 188 [ray0l & 188 |pingpone [ELD]
23 54 nakamura 004 54 |pingpong h7.2368
24 97 |yukariol7 97 pingpone B7.2407
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